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Abstract: Background: The purpose of this study was to examine the convergent validity of the Polar
Active Watch (PAW), a consumer-grade wrist-worn activity monitor, against waist- and wrist-worn
research-grade monitors, the ActiGraph GT3X+/GT9X accelerometers, in children. Methods: Fifty-one
children (18 boys; mean age = 10.30 ± 0.91 years) wore the three monitors (PAW, GT3X+, and
GT9X) during an 80-min afterschool program across five school days. Time spent in sedentary,
light-intensity (LPA), and moderate- and vigorous-intensity physical activity (MVPA) were estimated
from each monitor. The correlation, mixed model, mean absolute percentage error, equivalence
testing, and Bland-Altman analyses were used to examine the comparability of PA estimates of the
PAW with GT3X+/GT9X accelerometers. Results: Moderate to strong correlations for sedentary and
MVPA minutes, and weak correlation for LPA were observed between the PAW and GT3X+/GT9X
accelerometers. Significant mean differences were found, where the PAW tended to overestimate
time in sedentary and MVPA and underestimate LPA minutes, compared to the GT3X+/GT9X
accelerometers. However, a non-significant mean difference in MVPA minutes was observed when
using an adjusted MET threshold (≥4 METs) for the PAW, compared to the GT3X+ accelerometer.
Conclusions: The PAW showed moderate convergent validity for sedentary and MVPA minutes
against the GT3X+/GT9X accelerometers. However, caution is needed in the direct comparison
between the monitors due to relatively large mean differences and within-group variability.

Keywords: accelerometer; validity; youth; health

1. Introduction

Physical activity (PA) is one of the most important lifestyle behaviors associated with better health
and wellbeing in all age groups. In particular, there is an extensive body of literature demonstrating
positive health benefits of PA in children [1,2] such as a reduced risk for being overweight and obese [3],
as well as better metabolic [4], bone [5], and mental health [6]. As a result, world and national public
health authorities have released PA guidelines for children suggesting that school-aged children
should engage in 60 min of daily moderate- and vigorous-intensity PA (MVPA) [7,8]. Further given
the importance of school as a place for the promotion of PA in children, the Institute of Medicine
recommends at least 30 min of MVPA per school day be accumulated in a school environment [9],
which includes, but is not limited to, physical education, before and after-school PA programs, and
recess [10].
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A growing awareness of the critical role of PA in children’s health has emphasized the importance
of tracking and quantifying the levels of their habitual PA [11]. A pedometer is a simple version
of wearable PA monitor, and has also been advocated as a cost-effective intervention tool for the
promotion of PA in various settings [12]. More recently, several manufacturers have produced
consumer-grade wearable PA monitors [13] using advanced technology. According to a recent report
from the International Data Corporation [14], the wearables market has expanded rapidly, where more
than 102 million devices were shipped worldwide in 2016, which was approximately 20% higher than
2015. A majority of currently available monitors are equipped with modern accelerometry technology
and use a proprietary algorithm to calculate different types of PA metrics, such as step counts, energy
expenditure, PA intensity levels, etc. Advanced data transfer/management technologies have also
been applied to display real-time PA data on various platforms, allowing end-users to interact with PA
data in everyday life. These features provide the essential components of behavioral change techniques
(e.g., self-monitoring, real-time feedback, goal setting) [15,16], and have shown to be promising for the
promotion of PA in children [17,18].

As wearable PA monitors have increased in popularity, their measurement properties have become
an ongoing topic of interest [19]. Specifically, the differences in hardware sensor and proprietary
algorithm between brands and monitors may attribute to inconsistent and incomparable results.
It has been reported that differences in PA estimates between activity monitors differently affect
user’s perceived rewards for the same activity [20], which may negatively influence motivation to
engage in PA [21], and be partly responsible for high levels of abandonment of activity monitors [20].
In addition, there is a growing number of studies utilizing consumer-grade activity monitors for
research purposes, either as an assessment tool, intervention component, or both, where high levels of
accuracy and comparability with other research-grade monitors are demanded [22]. Several studies
have been conducted to address this issue by examining the validity and reliability of consumer-grade
PA monitors for the assessment of different PA metrics [23–25]. However, the results are dependent on
the types and brands of monitors, and are frequently inconsistent across settings [19]. Further, most
importantly, a majority of studies have focused on the monitors produced by a few specific brands
(e.g., Fitbit, Jawbone), requiring further validation studies for a monitor produced by a wide range
of brands.

The Polar Active Watch (hereafter referred to as PAW) is one of the wrist-worn PA monitors
produced by the Polar Electro Oy, Kimpel, Finland, particularly known for developing the first portable
heart rate monitors in the 1970s. According to its brochure, the PAW is designed for the children in
compliance with the required standards of the Consumer Product Safety Information Acyl/Children’s
Product. The PAW is not primarily intended for research purposes; however, the unique ‘group
solution’ features that allow end-users to manage and monitor multiple devices at the same time
and graphically display the PA data via its companion web and mobile applications have been well
adopted by researchers [26–30]. In particular, a recent study that examined the feasibility of PAW for
the assessment of PA in children in free-living settings reported that the PAW was better accepted by
children compared to other research-grade monitors, owing to its comfortable, waterproof watch-style
design and digital display features [31], which are known to be associated with higher compliance
levels in this population group [32].

Although the PAW is designed for children, the device has been previously validated for its
accuracy in measuring energy expenditures among adults [33]. However, to the best of our knowledge,
there are no studies examining the validity of PAW in children, one of the target end user groups
of this device, particularly for the assessment of PA intensity levels. Therefore, this study sought
to examine the validity of PAW in children based on the convergent method of assessment, which
has been successfully applied for the validation of both consumer [34,35] and research-grade PA
monitors [36,37]. The convergent validity refers to the extent to which the two PA monitors that are
known to measure similar measurement constructs are positively correlated. Although the convergent
validity does not directly imply the construct validity (i.e., degree to which the monitor measures what
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it is supposed to measure), it provides the form of evidence of construct validity, particularly when
the counterpart monitor has known validity against a criterion measure [38,39]. In this regard, we
compared PA intensity levels estimated from the PAW to the research-grade PA monitor, ActiGraph
accelerometers, which have been previously validated in children [40,41] and frequently compared
to different types of consumer-grade PA monitors [42–44]. Although the ActiGraph accelerometers
have been extensively validated in the literature, the evidence is specific to the location of placement
(wrist vs. waist), activity cut-points, as well as the model of ActiGgaph accelerometer used. Therefore,
this study examined the convergent validity of PAW for the assessment different PA intensity levels in
children, with particular focus on its comparability with wrist-worn GT3X+ and waist-worn GT9X
ActiGraph accelerometers, using previously established cut-points for each wear location.

2. Materials and Methods

2.1. Study Setting and Participants

A total of 51 children (18 boys) aged between 9 and 11 years (mean age = 10.30 years old)
participated in this study. All children were enrolled in a school-based afterschool program in a US
public elementary school located in a high-poverty area in a mid-size west Texas city. The afterschool
program, established as part of the US federally funded East Lubbock Promise Neighborhood (ELPN)
project, offers a variety of sessions that include but are not limited to PA, arts, music, and science every
school day. Each child had an individualized schedule requiring participation in two sessions per
day of 40 min each, one of which was a mandatory PA session on every school day. The PA session
was designed to promote moderate- and vigorous-intensity PA (MVPA) through age-appropriate and
task-oriented activities (e.g., kicking, running, throwing), and taught by trained undergraduate and
graduate level coaches in the school gym or on the playground. Other non-PA sessions were delivered
in a classroom, auditorium room, or technology/science lab, where children were supervised and
taught by trained afterschool teachers in a relaxed environment. Thus, the afterschool program
covered the range of activity levels, from sedentary to vigorous intensity, in supervised school
environments. Children participating in the afterschool program were healthy, without physical
impairments that would limit their physical activities. Each child’s standing height (cm) and body
weight (kg) were measured by trained staff using a stadiometer (SECA, Seca Co., Hamburg, Germany)
and mechanical scale (Health-O-Meter Professional, Subbeam Products Co., Boca Raton, FL, USA).
Participant characteristics are presented in Table 1. This study was conducted under the ELPN protocols
approved by the Institutional Review Board of Texas Tech University (#503995), in accordance with the
Declaration of Helsinki, and the parents’ informed consent and child’s verbal assent were obtained at
the beginning of the semester. Interested readers can refer to a previous report [45] for more details
about the ELPN project.

Table 1. Descriptive characteristics of the participants.

Total Boys Girls

n 51 18 33
Age (years) 10.30 (0.91) 10.33 (0.91) 10.30 (0.92)

Race/Ethnicity (n, %)
Non-Hispanic Black 31 (60.78%) 10 (55.56%) 21 (63.63%)

Hispanic 12 (23.53%) 6 (33.33%) 6 (18.18%)
Others 8 (15.69%) 2 (11.11%) 6 (18.18%)

Height (cm) 140.18 (8.42) 138.39 (7.36) 141.97 (8.69)
Weight (kg) 41.17 (11.02) 37.41 (7.67) 44.92 (11.63)

Body mass index (kg/m2) 21.38 (4.24) 19.53 (3.39) 22.29 (4.36)
Monitoring days a 3.0 (2.0–4.0) 3.0 (3.0–4.0) 3.0 (2.0–4.0)

Values are mean (standard deviations) unless otherwise specified. a number of days where physical activity data
were recorded during afterschool hours—values are median (interquartile range).
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2.2. Procedures

PA data were collected using three accelerometers (PAW, waist-worn GT3X+, and wrist-worn
GT9X accelerometers) during 80 min of afterschool programs for up to five school days for each
child. Children were asked to visit a pre-designated classroom before the start of their first afterschool
program session each day. Children were instructed to wear PAWs and GT9X accelerometers in the
same order on their non-dominant wrists, and GT3X+ accelerometers on elastic belts around their
waists through the end of the afterschool program in a day. The choice of wear location for the
respective ActiGraph accelerometer was solely based on the discretion of researchers, given the size
of accelerometers relative to the children’s wrist (i.e., GT9X < GT3X+), as well as available resources
(i.e., wristbands and elastic belts).

2.3. Polar Active Watch

The PAW is a lightweight (45 g), watch-style uniaxial accelerometer, with a screen on its face
displaying time and activity levels. The child’s sex, date of birth, height, and weight were entered to
the Polar GOFIT website (https://polargofit.com/), and the Polar Websync Software (version 2.8.3,
Polar Electro Oy, Kimpel, Finland) was used to initialize the device and transfer data from the device
for further analyses. The PAW provides 30-s epoch metabolic equivalent task (MET) scores estimated
by the manufacturer’s proprietary algorithm.

2.4. ActiGraph GT3X+ and GT9X Accelerometers

The GT3X+ (firmware v3.2.1, ActiGraph Inc, Pensacola, FL, USA) and GT9X (firmware v1.7.1) are
two of the latest generations of ActiGraph accelerometers, that can be worn both at the waist or on
the wrist using an elastic belt or watch band. Both devices record accelerations in three axes (vertical,
antero-posterior, and medio-lateral), with a dynamic range of ±6 g for the GT3X+ and ±8 g for the
GT9X, at sampling frequencies ranging from 30–100 Hz, which are converted into activity counts at a
user-defined epoch length. For this study, the devices were set to collect data at 30 Hz, and the data
were downloaded at 30-s epoch using the ActiGraph ActiLife software (version 6.13.3, ActiGraph Inc,
Pensacola, FL, USA). All devices were synchronized to the time on the computer clock.

Time spent in different PA intensity levels was estimated. For the PAW, three different sets of
MET thresholds were used:

• MET thresholds#1: Sedentary (<2.0 METs); Light-intensity PA (LPA) (2.00–3.49 METs); and
moderate- and vigorous-intensity PA (MVPA) (≥3.50 METs)

• MET thresholds#2: Sedentary (<1.5 METs); Light-intensity PA (LPA) (1.50–2.99 METs); and
moderate- and vigorous-intensity PA (MVPA) (≥3.00 METs)

• MET thresholds#3: Sedentary (<2.0 METs); LPA (2.01–3.99 METs); and MVPA (≥4 METs)

The first set of MET thresholds (PAW#1) were Polar-defined MET thresholds in Polar Active
software. The second set of MET thresholds (PAW#2) were standard MET thresholds widely used in
the literature; yet these thresholds may not be appropriate for children when a child-specific resting
metabolic rate (RMR) is not accounted [46,47]. Since it is currently unknown whether or not the Polar
proprietary algorithm adjusts for higher RMR in children when estimating MET values, we created
additional thresholds (PAW#3), which have been used as alternative MET thresholds for children [47],
including the US national health surveillance [48].

As previously noted, several activity cut-points have been proposed for the waist- and wrist-worn
ActiGraph accelerometers, yet no single cut-point is recognized as standard. For this study, we selected
the two cut-points previously proposed for each of the waist- and wrist-worn ActiGraph accelerometers:

• Evenson’s cut-points (GT3X+-Evenson): Sedentary (≤50), LPA (51–1146), and MVPA (≥1147)
using activity counts per 30-s from the vertical axis, according to Reference [40].

https://polargofit.com/
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• Chandler’s cut-points (GT9X-Chandler): Sedentary (<966), Light-intensity physical activity
(966–3174), and moderate- and vigorous-intensity physical activity (≥3175).

The Evenson’s cut-points were developed using the older generation of ActiGraph accelerometer
(model 7164), which has different internal mechanisms compared to the GT3X+ accelerometer. Based
on the suggestion of Cain et al. [50], we enabled the low frequency extension filter during post
data processing to attenuate possible biases in applying the Evenson’s cut-points to the GT3X+
activity counts data. The Chandler’s cut-points were developed using the GT3X+ accelerometer;
however, a recent study reported that activity counts estimated from the GT3X+ and GT9X
accelerometers were comparable [51], regardless of activation of the low frequency extension filter [52].
Regarding consistency, the low frequency extension filter was also enabled when processing the GT9X
accelerometer data. In addition, the Evenson’s and Chanlder’s cut-points that were originally calibrated
in 15-s and 5-s epoch lengths, respectively, were converted to the 30-s cut-points by multiplying by 2
and 6, respectively.

Time spent in different PA intensity levels during afterschool periods was calculated for each
monitoring day. The first and last 10 mins of the data were removed prior to the calculation to account
for the time spent in distributing and returning the devices. There were 152 data points recorded
across the entire sample (median monitoring days: 3 days; interquartile range: 2–4).

2.5. Statistical Analysis

We first created scatter plots by examining the linear relation between MET values per 30-s
obtained from the PAW and activity counts per 30-s obtained from the GT3X+ and GT9X accelerometers,
respectively, for each monitoring day. The purpose of this analysis was to examine the convergence
between monitors that are not influenced by the choice of MET thresholds for the PAW, and activity
counts cut-points for the GT3X+ and GT9X accelerometers. An average time spent in different PA
intensity levels was calculated and compared between monitors using a mixed model, with a random
intercept accounting for multiple observations within each child. The correlation coefficients between
the PAW and GT3X+ or GT9X accelerometers were calculated for each PA intensity level using a mixed
model with a random intercept, as outlined in Hanlett et al. [53], for the same reason (i.e., multiple
observations within each child for each monitor). The bias-corrected 95% confidence intervals for
correlation coefficients were estimated using the bootstrapping method, with 200 bootstrap resamples
drawn from the observations at the child level.

The agreement of PA estimates between the PAW and GT3X+ (and GT9X) accelerometers was
examined using mean absolute percentage error (MAPE) and a modified Bland-Altman method.
The mean bias and 95% limits of agreement (LOA) were calculated using a one-way random effects
model, where multiple monitoring days are nested within a random factor of subject and the LOA is
defined by the true difference between monitors in addition to between- and within-subject random
variability. The 95% confidence intervals of LOA were additionally calculated using the method of
variance estimates recovery, which has been shown to be superior to a conventional approach using a
delta method [54], in order to estimate the maximum limits of upper and lower LOA. Further details
of the modified Bland-Altman method, and a SAS macro implementing the calculations of LOA with
multiple observations within individuals are available from Zou [54].

In addition, the equivalence test was performed using a two one-sided t-test (TOST) approach.
By following the guidelines outlined in Dixon et al. [55], two one-sided hypotheses were formulated,
where the mean ratio of PA estimates between monitors was compared with the upper and lower
limits of 10% equivalence zones (i.e., Ha1: 0.9 < mean ratio; and Ha2: mean ratio < 1.11). Since
the primary focus of this study was to examine convergent validity of the PAW relative to the
ActiGraph accelerometers, PA estimates obtained from the GT3X+ and GT9X accelerometers were
used as references when creating equivalence zones. The selection of 10% equivalence zones
was based on previous studies comparing consumer- and research-grade activity monitors [56].
Two variables associated with each hypothesis were created for each monitoring day within each child
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(i.e., Da1 = PAW − 0.9 × GT3X+ (or GT9X); and Da2 = PAW − 1.1 × GT3X+ (or GT9X)). A mixed
model with a random intercept was used to test the mean of each hypothesized variable against zero.
Two-sided p-value estimated from the model (i.e., intercept parameter) was divided by 2 to obtain the
one-sided p-value only if the effect was in the hypothesized direction (i.e., positive t-value for Da1
and negative t-value for Da2). The equivalence of PA estimates of the PAW with the estimates from
the GT3X+ and GT9X accelerometers was established when one-sided p-values from both tests were
less than 0.05 [55]. All data management and statistical analyses were performed using the SAS v9.4
(SAS Institute, Cary, NC, USA), and statistical significance was set at p < 0.05.

3. Results

The scatter plots depicting linear relationships between MET values from the PAW and activity
counts from the GT3X+ and GT9X accelerometers are presented in Figure 1. There were positive
relationships, where MET values from the PAW were more strongly related with activity counts from
the GT9X accelerometer (r = 0.72; 95% CI = 0.71–0.73), than those from the GT3X+ accelerometer
(r = 0.46; 95% CI = 0.45–0.47).
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Figure 1. Correlations between metabolic equivalent task (MET) values (per 30-s) of the Polar Active
Watch (PAW) and activity counts (per 30-s) of the GT3X+ (a) and GT9X (b) accelerometers. The diagonal
line indicates linear regression line estimated from a mixed model. In the figure (a), removing 78 data
points with MET values < 7.0 and activity counts > 7000 (at the bottom right in the figure) increased
r = 0.53 (95% CI = 0.51–0.55).

The time spent in PA intensity levels estimated from a mixed model with a random intercept
across the monitors are presented in Table 2. The PA estimates from PAW#1 were 19.07 min (95% CI:
16.84–21.30), 19.33 min (95% CI: 17.29–21.37), and 19.02 min (95% CI: 16.45–21.59) for sedentary, LPA,
and MVPA, respectively (Table 2). When using PAW#2, significantly lower amount of sedentary
(4.57 min; 95% CI = 3.62–5.52) and a larger amount of LPA (32.48 min; 95% CI = 30.23–34.73) were
estimated; yet the estimates of MVPA (20.76 min; 95% CI = 18.18–23.34) were not statistically different
from PAW#1. PAW#3 yielded statistically different LPA (21.62 min; 95% CI = 19.58–23.66) and MVPA
(16.82 min; 95% CI = 14.25–19.39), when compared with the PAW#1 and PAW#2. When compared
with the estimates from the GT3X+ accelerometer, the PAW yielded significantly different PA estimates
across all intensity levels, regardless of the MET thresholds used. Likewise, PA estimates from the GT9X
were statistically different from the estimates of PAW#1 for all intensity levels, but non-significant
differences were seen in LPA when compared with PAW#2, and in MVPA when compared with
PAW#3, respectively.
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Table 2. Average time spent in different physical activity intensity levels estimated from PAW, GT3X+
and GT9X accelerometers a.

Sedentary Light MVPA

Polar Active Watch (PAW)

MET thresholds#1 (PAW#1)
19.07 19.33 19.02

(16.84–21.30) † (17.29–21.37) †,‡ (16.45–21.59) ‡

MET thresholds#2 (PAW#2)
4.57 32.48 20.76

(3.62–5.52) * (30.23–34.73) *,‡ (18.18–23.34) ‡

MET thresholds#3 (PAW#3) b - 21.62 16.82
(19.58–23.66) *,† (14.25–19.39) *,†

ActiGraph GT3X+ 12.34 30.46 15.03
(10.69–13.99) *,†,‡ (28.56–32.35) *,†,‡ (13.01–17.06) *,†

ActiGraph GT9X 14.16 31.22 12.39
(12.13–16.19) *,†,‡ (29.29–33.14) *,‡ (10.22–14.56) *,†,‡

a Values are presented as mean minutes and 95% confidence interval estimated from a mixed model with a random
intercept, after accounting for multiple observations within each child; b sedentary MET threshold in PAW#3
(<2 MET) is identical to the PAW#1, and thus the results are omitted. * significantly different with the PAW#1;
† significantly different with the PAW#2; ‡ significantly different with the PAW#3.

The results of the Bland-Altman analysis showing agreement of PA estimates from the PAW
with the GT3X+ and GT9X accelerometers are shown in Figures 2 and 3, respectively. Overall, more
than 95% and 98% of data points fell within the 95% LOA and the maximum allowable LOA (i.e.,
upper and lower limits of the 95% confidence interval of LOA), respectively, across PA intensity levels.
Pertaining to the comparison with the GT3X+ accelerometer (Figure 1), the smallest mean bias was
observed in LPA minutes from the PAW#2 (mean bias = 1.44 min; 95% LOA: −21.53–24.41) and the
largest difference was observed in LPA minutes from the PAW#1 (mean bias = −11.59 min; 95% LOA:
−34.34–11.15). The slopes of regression lines showing proportional bias in the agreement were all
significant across PA intensity levels and MET thresholds of the PAW, with the exception of LPA in
PAW#1 (b = 0.12; P = 0.413) and PAW#3 (b = 0.18; p = 0.229), and MVPA in PAW#3 (b = 0.13; p = 0.126).
Similarly, mean bias in comparison with the GT9X accelerometer (Figure 2) was smallest for LPA in
PAW#2 (mean bias = −0.69 min; 95% LOA: −24.50–25.88) and largest in the LPA from PAW#1 (mean
bias = −12.35 min; 95% LOA: −30.33–5.63). The slopes of regression lines were all significant across
PA intensity levels and MET thresholds, with the exception of LPA in PAW#1 (b = 0.09; p = 0.336) and
PAW#3 (b = 0.15; p = 0.094).

Table 3 presents the correlations, MAPE, and mean ratios of PA estimates from the PAW relative
to the GT3X+ and GT9X accelerometers. The correlations of the PAW with the GT3X+ accelerometer
ranged between 0.20 and 0.67 for PAW#1, between 0.32 and 0.71 for PAW#2, and between 0.16
and 0.64 for PAW#3, respectively, where the strongest and weakest correlations were found in
MVPA and sedentary, respectively, across all MET thresholds of the PAW. When compared with
the GT3X+, the largest MAPE was seen in sedentary minutes estimated from PAW#1 (121.68%;
95% CI = 84.87–158.49) and in MVPA estimated from PAW#2 (98.38%; 95% CI = 67.69–129.06) and
PAW#3 (69.16%; 95% CI = 47.10–91.22). The lowest MAPE was seen in LPA across all MET thresholds of
PAW. The results of the equivalence test using mean ratios based on the TOST approach demonstrated
non-equivalence of PA estimates of the PAW, at 10% of the equivalence zones of the GT3X+
accelerometer. Similarly, when compared to the GT9X accelerometer, the weakest correlations were
found in LPA and strongest correlations were found in MVPA across all MET thresholds of the PAW.
The MAPE was largest in MVPA and smallest in LPA across all MET thresholds of PAW. The significant
equivalence was observed in LPA estimated from PAW#2 (mean ratio: 1.11; 95% CI = 1.01–1.20), but
no other equivalency was found relative to 10% of the equivalence zone of the GT9X accelerometer.
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Figure 2. Bland-Altman analysis showing agreement of physical activity (PA) intensity levels between
the PAW and GT3X+ accelerometer: (a,b,c) for PAW#1; (d,e,f) for PAW#2; and (g,h) for PAW#3.
The horizontal line at the middle represents the mean bias followed by dotted lines representing 95%
of limits of agreement (LOA) and maximum limits of LOA. The diagonal line represents the linear
regression line.
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Figure 3. Bland-Altman analysis showing agreement of PA intensity levels between the PAW and
GT9X accelerometer: (a,b,c) for PAW#1; (d,e,f) for PAW#2; and (g,h) for PAW#3. The horizontal line at
the middle represents the mean bias followed by dotted lines representing 95% of limits of agreement
(LOA) and maximum limits of LOA. The diagonal line represents the linear regression line.
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Table 3. Correlations, Mean Absolute Percentage Error (MAPE), and Mean Ratios for Equivalence Tests between PAW, GT3X+, and GT9X Accelerometers a.

Polar Active Watch (PAW)
MET Thresholds#1 (PAW#1)

Polar Active Watch (PAW)
MET Thresholds#2 (PAW#2)

Polar Active Watch (PAW)
MET Thresholds#3 (PAW#3)

Correlation b MAPE c Mean Ratio d Correlation b MAPE c Mean Ratio d Correlation b MAPE c Mean Ratio d

ActiGraph GT3X+

Sedentary 0.65 121.68 2.06 0.48 69.92 0.44 - - -
(0.54–0.76) (84.87–158.49) (1.68–2.44) (0.28–0.69) (63.39–76.44) (0.33–0.57)

Light PA 0.20 47.00 0.72 0.32 35.50 1.15 0.16 30.50 0.77
(−0.03–0.43) (40.44–53.57) (0.63–0.80) (0.13–0.52) (28.39–42.61) (1.06–1.24) (−0.06–0.39) (34.20–44.82) (0.69–0.86)

MVPA
0.67 88.34 1.69 0.71 98.38 1.88 0.64 69.16 1.40

(0.54–0.80) (60.24–116.44) (1.38–2.00) (0.58–0.83) (67.69–129.06) (1.56–2.19) (0.49–0.78) (47.10–91.22) (1.15–1.65)

ActiGraph GT9X

Sedentary 0.66 122.73 2.07 0.45 79.84 0.51 - - -
(0.49–0.82) (53.9–191.57) (1.36–2.78) (0.20–0.70) (55.21–104.46) (0.20–0.82)

Light PA 0.49 40.94 0.62 0.20 34.48 1.11 0.54 35.06 0.69
(0.31–0.68) (36.22–45.65) (0.56–0.69) (0.00–0.40) (28.00–40.96) (1.01–1.20) * (0.37–0.72) (30.70–39.41) (0.63–0.76)

MVPA
0.74 128.04 2.20 0.72 168.56 2.63 0.75 94.33 1.80

(0.59–0.90) (84.08–172.00) (1.75–2.66) (0.57–0.87) (97.48–239.64) (1.91–3.35) (0.61–0.90) (57.50–131.16) (1.42–2.19)
a sedentary MET threshold in PAW#3 (<2 MET) is identical to PAW#1, and thus the results are omitted; b correlation coefficients were estimated from a mixed model with a random
intercept [53] and bias-corrected 95% confidence intervals were estimated using the bootstrapping method; c values represent mean absolute percentage error (MAPE, %) and 95%
confidence intervals in parentheses; d values represent mean ratio of PA estimates of the PAW over the estimates from the GT3X+ or GT9X accelerometers and 95% confidence intervals in
parentheses. * significantly equivalent with the PAW#1 based on two one-sided t-tests (TOST) equivalence test.
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4. Discussion

The purpose of this study was to examine the convergent validity of the PAW, a consumer-grade
PA monitor, for the assessment of PA intensity levels in children, against research-grade and waist-worn
GT3X+ and wrist-worn GT9X accelerometers. The three sets of MET thresholds were applied to the
PAW for the estimation of PA intensity levels, and PA estimates were compared with the estimates
obtained from the GT3X+ using Evenson’s cut-points and the GT9X using Chandler’s cut-points. Our
findings demonstrated that PA estimates from the PAW were moderately to highly correlated with
the estimates from the GT3X+ and GT9X accelerometers for sedentary (r ranges 0.45–0.66) and MVPA
(r ranges 0.64–0.75), whereas weak to moderate correlations were found for LPA (r ranges 0.16–0.54).
PA estimates obtained from the PAW generally showed greater correlations with the estimates from
the GT9X (r ranges 0.20–0.75) than the GT3X+ (r ranges 0.16–0.71) for each intensity level. In particular,
greater correlations were found for the PAW using standard MET thresholds (PAW#2) with the GT3X
accelerometer (r ranges 0.32–0.71), and PAW using adjusted MET thresholds (PAW#3) showed greater
correlations with the GT9X accelerometer (r ranges 0.66–0.75).

The convergence between monitors is established when PA estimates from the monitors are
sufficiently correlated; however, there is little consensus about the optimal correlation coefficient to
determine the level of convergent validity. The rules of thumb that have been widely applied in the
literature are to interpret a correlation between 0.0 and <0.25 as a weak relationship, ≥0.25–<0.50 as a
moderate relationship, ≥0.50–<0.75 as a strong relationship, and ≥0.75 as a very strong relationship.
However, it is also suggested that the correlation coefficients be interpreted relative to common practice
in a field [57]. As previously noted, there is currently little evidence available in the literature regarding
the convergent validity of the PAW in comparison with a research-grade PA monitor; however, there
are several studies available that examined the convergent validity of different consumer-grade
PA monitors against the ActiGraph accelerometers. One study compared the waist-worn Fitbit
Zip (Fitbit Inc., San Francisco, CA, USA) with the waist-worn GT3X+ accelerometer in children,
particularly using the Evenson’s cut-points, where interpreted correlations ranged from 0.24–0.72
for MVPA minutes as weak to moderate and 0.57–0.87 for sedentary minutes as moderate to strong
correlations [44]. Among the adult population, Gomersall et al. [58] reported correlations of MVPA
minutes estimated from the Fitbit One and Jawbone Up (Jawbone Inc., San Francisco, CA, USA) to
be 0.80 and 0.72, respectively, compared to the GT3X accelerometer, and interpreted them as strong
correlations [58]. Another study that compared six consumer-grade PA monitors with the GT3X
accelerometer demonstrated correlations ranging between 0.52 and 0.91 for MVPA minutes and
interpreted them as weak to strong correlations. Although there are some discrepancies in interpreting
the correlations within the contexts of convergent validity of consumer-grade PA monitors in the
literature, it is also suggested that r ≥ 0.70 is recommended to claim convergent validity, and r < 0.50
should be avoided [38]. In this regard, our findings may demonstrate moderate (r ≥ 0.50) convergent
validity of the PAW, particularly using the Polar-defined (PAW#1) and adjusted MET thresholds
(PAW#3), for the estimation of sedentary minutes against the GT3X+ and GT9X accelerometers.
Pertaining to MVPA minutes, the PAW, regardless of which MET thresholds were used, showed at least
moderate convergent validity relative to the GT3X+ and greater convergent validity was demonstrated
when compared with the GT9X accelerometer. However, there was weak convergent validity for the
estimation of LPA minutes.

Aside from interpretation of correlation coefficients within the context of convergent validity of
consumer-grade monitors, our findings can be compared with Mossea et al. [44] who examined the
validity of the Fitbit Zip in relation to the GT3X+ accelerometer in a school environment. In particular,
their findings partly in contrast with our results by showing greater correlations in MVPA than
sedentary minutes; but some similarities were also observed. In their study, the highest correlation
of 0.72 for MVPA was reported during a physical education lesson, followed by a correlation of
0.56 observed at recess, which were comparable with the correlations that we observed between the
PAW and GT3X+ accelerometer for MVPA minutes (r ranges 0.67–0.71). Whereas the correlations
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for sedentary minutes during physical education and recess time were reported as 0.85 and 0.87,
respectively; these were higher than the correlations we observed for sedentary minutes against the
GT3X+ accelerometer (r ranges 0.48–0.65). Although it is still difficult to directly compare the results
between the studies due to the fundamental differences between the monitors (e.g., uniaxial vs. triaxial
accelerometer sensors for the PAW and Fitbit Zip, respectively), this may indicate that convergent
validity of the PAW for the estimation of MVPA minutes is comparable with other consumer-grade
monitors, but not for sedentary minutes.

The correlation is a primary method for evaluating the convergent validity; however, it is not
sensitive for detecting systematic difference in mean values between the monitors, as well as variability
of differences within the group. In the present study, we found that, in general, the mean of PA
estimates from the PAW were not statistically equivalent with the estimates from the GT3X+ and GT9X
accelerometers, regardless of which MET thresholds were used for the PAW. Although more than
95% of the data points were within the observed LOAs in the Bland-Altman analyses, a relatively
wide range of LOA indicates large variability in differences within the group. We further observed
significant proportional bias where mean differences tended to increase with increasing average
estimates between the monitors. Considering that this study focused on the 60-min of afterschool
programs, it should be noted that longer measurement periods may likely increase differences in PA
estimates between the PAW and GT3X+/GT9X accelerometers, as well as within-group variability
in differences.

Meanwhile, present findings also indicated that the PAW consistently overestimated time spent
in MVPA relative to the GT3X+ and GT9X accelerometers, with the largest MAPE (168.56%) observed
between PAW#2 and the GT9X accelerometer, despite the strong correlation observed (r = 0.72).
In contrast, MAPE was consistently lower in comparing LPA minutes between the monitors across the
MET threshold conditions of the PAW. The smallest MAPE was observed when comparing PAW#2
and GT3X+ (30.50%), where the lowest correlation (r = 0.16) was also calculated. Conceptually, the
correlation is a measure of the linear relationship between the monitors showing consistency of
the relative position of the same participants between the monitors; whereas MAPE is a measure
of absolute error in PA estimates between the monitors. These results imply that MVPA minutes
obtained from the PAW may have limited comparability with the estimates from the GT3X+ and GT9X
accelerometers at group level; however, the relative position of the participants within the group may
be comparable between the monitors. Whereas, less difference may be expected when comparing the
group mean of LPA minutes between the monitors, large unknown random errors may reduce the
comparability of concordant changes in LPA minutes within the group.

The underlying mechanisms explaining the observed systematic and proportional biases could not
be clearly elucidated in the present study, but it should be noted that selection of the MET thresholds
proportionally influenced PA estimates from the PAW. For the children, the use of standard MET
thresholds (<1.5 METs for sedentary and ≥3 METs for MVPA) for the estimation of PA intensity
levels has been concerned with whether the rate of energy expenditure is based on a standard resting
metabolic rate (RMR) for adults (3.5 mL/kg/min), rather than for children, whose RMR can be
up to 6 mL/kg/min [59]. As an alternative, the thresholds with <2.0 METs for sedentary and ≥4
METs for MVPA have been proposed as adjusted MET thresholds if the standard adult’s RMR is
used [46,60]. As previously noted, it is currently unclear if the PAW produces the MET values after
accounting for child-specific RMR. The Polar standard MET thresholds define sedentary as >2.0 METs
and MVPA as ≥3.5 METs, which are 0.5 METs greater than standard MET thresholds and 0.5 METs
lower than adjusted MET thresholds for MVPA, resulting in significantly different PA estimates when
compared with PA estimates obtained using standard and adjusted MET thresholds. The Evenson’s
cut-points were developed based on the ten semi-structured activities ranging from sedentary to
vigorous-intensity PA, where the maximum MET value of sedentary activities and minimum MET
value of MVPA activities were about 1.3 and 3.7 METs, respectively, after accounting for child-specific
RMR. In this regard, our results that showed less mean difference in MVPA minutes when using
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adjusted MET thresholds (PAW#3) with the GT3X+ accelerometer may indicate that child-specific
RMR is not accounted for when estimating MET values from the PAW. However, inconsistent findings
were found where sedentary and LPA minutes were over and underestimated by PAW#3 relative
to the GT3X+ accelerometer, respectively, which may also indicate that the PAW is not sensitive to
discriminate activities between sedentary and LPA levels when compared to the GT3X accelerometer.

It is widely acknowledged that the placement of the activity monitor may alter measured
PA outcomes. In particular, a wrist-worn PA monitor is generally known to be more sensitive to
upper-body locomotor movements [61,62] and we expected high comparability between the PAW
and GT9X accelerometer, as both monitors were placed on the same non-dominant wrist. In the
present study, there was stronger correlation (r = 0.72) of MET values from the PAW with the activity
counts from the wrist-worn GT9X accelerometer, compared to the waist-worn GT3X accelerometer
(r = 0.46). However, as previously discussed, the amounts of PA measured by the PAW were not
comparable to the GT9X accelerometer. On the other hand, there was no systematic mean bias between
the GT3X and GT9X accelerometers (p > 0.05; the results are not shown in the table), with strong
correlations across all intensity levels between the monitors (r ≥ 0.87). This may support the notion
that appropriate calibration of raw accelerometry data obtained from waist- and wrist-worn activity
tracker would result in comparable PA estimates [63,64]. In this regard, the lack of comparability of the
PAW with the GT9X, as well as the GT3X, accelerometers may be attributed to unknown measurement
errors introduced when calibrating raw accelerations into the MET values. Currently, most companies
manufacturing consumer-grade PA monitors do not provide access to raw acceleration data nor their
proprietary algorithms. For the PAW, it is likely that the required input parameters including age,
sex, height, and weight are accounted for when estimating MET from the Polar software; however,
the detailed parameters and proprietary algorithms are not publicly available. Thus, it is difficult
to elucidate where exactly the observed discrepancies arose in the current study. In addition, the
proprietary algorithms of most companies are often changed over time as new functions or results
from their own discrete research are added, affecting intra-monitor reliability, as well as comparability
with other consumer- and research-grade PA monitors [65]. Therefore, we echo the recommendation
of Evenson et al. [19] suggesting that these companies consider revealing their proprietary algorithms,
at least to some extent (e.g., calibration methods, input parameters, and research outputs), which can
potentially advance measurement practice of both consumer- and research-grade PA monitors.

There are several limitations that should be considered when interpreting the present findings.
First, our study did not have a criterion measure of energy expenditure, so we were unable to draw any
conclusions on the criterion validity of the PAW. Additionally, as previously noted, the Evenson’s and
Chandler’s cut-points were developed using different models of ActiGraph accelerometers. Although
we enabled the low frequency extension filter during post data processing to reduce possible bias
for using different models of ActiGraph accelerometers, where recent studies have shown high
comparability of activity counts between the GT3X+ and GT9X accelerometers, both monitors cannot
be considered criterion measures of PA. Furthermore, the Evenson’s and Chandler’s cut-points were
converted to 30-s cut-points which might introduce errors in estimating time spent in PA intensity
levels from the GT3X+ and GT9X accelerometers. Collectively, our findings should be interpreted
within the context of convergent validity of the PAW in comparison with the waist-worn GT3X+ and
the wrist-worn GT9X accelerometers using Evenson’s and Chandler’s cut-points, respectively. Future
work should examine the accuracy of the PAW against a criterion measure of energy expenditure, such
as indirect calorimetry. In addition, the MET threshold for LPA in PAW#3 was 2.00–3.99 METs based on
a recent study that reported higher accuracy of <2.0 METs for the classification of sedentary activities
in children when child-specific RMR is not accounted [47]. However, the MET thresholds of LPA
used in Evenson’s original calibration study [40] was about 1.5–3.99 METs, and this discrepancy
in MET thresholds for LPA might introduce the errors when comparing LPA minutes between
PAW#3 and GT3X+ accelerometer. Lastly, PA observations were exclusively taken from the 80-min
school-based afterschool program setting, and we did not collect the specific activities that occurred
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during the program. Although the observations were taken across multiple schooldays to increase
total observation time per individual and the types of activity that took place included all intensity
levels ranging from sedentary to vigorous-intensity, we suggest that future research should utilize
longer monitoring times in free-living settings or include a wide range of unstructured and structured
activities in a controlled laboratory setting.

5. Conclusions

We attempted to examine the convergent validity of the PAW for the assessment of PA in children
compared to the waist-worn GT3X+ and wrist-worn GT9X accelerometers. Overall, the results
indicated a weak convergent validity of the PAW for the assessment of LPA minutes, but moderate
convergent validity for the estimation of sedentary and MVPA minutes, relative to the GT3X+ and
GT9X accelerometers, particularly when applying the Polar-defined or adjusted MET thresholds.
There were significant mean differences in PA estimates between the monitors, with less discrepancy
observed in MVPA minutes when using the adjusted MET thresholds. Collectively, the data suggested
that within-group comparison of relative levels of sedentary and MVPA minutes estimated from the
PAW could be comparable to those of the GT3X+ and GT9X accelerometers. However, between-group
comparisons of PA estimates obtained from different monitors is not recommended due to the large
uncertainties regarding their comparability at group-level, particularly when using the Polar-defined
MET thresholds. Such uncertainties can be possibly attenuated when applying the adjusted MET
thresholds for the estimation of PA levels from the PAW. Given the potential of PAW as a means of
PA assessment or as an intervention component among children, across both research and practical
applications, further research is needed to examine the criterion validity of the PAW in children.

Author Contributions: Y.K. conceived and designed the study, conducted statistical analyses, interpreted the
results, and wrote the first draft of the manuscript; M.L. conceived and designed the study, collected the data,
interpreted the results, and critically revised the manuscript. All authors read and approved the final manuscript.

Funding: The ELPN project is supported by the Promise Neighborhoods Grant from the US Department of
Education (award #1009047). The funder does not have any role in the study other than to provide funding.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Janssen, I.; LeBlanc, A.G. Systematic review of the health benefits of physical activity and fitness in
school-aged children and youth. Int. J. Behav. Nutr. Phys. Act. 2010, 7, 40. [CrossRef] [PubMed]

2. Eime, R.M.; Young, J.A.; Harvey, J.T.; Charity, M.J.; Payne, W.R. A systematic review of the psychological and
social benefits of participation in sport for children and adolescents: Informing development of a conceptual
model of health through sport. Int. J. Behav. Nutr. Phys. Act. 2013, 10, 98. [CrossRef] [PubMed]

3. Hills, A.P.; Andersen, L.B.; Byrne, N.M. Physical activity and obesity in children. Br. J. Sports Med. 2011, 45,
866–870. [CrossRef] [PubMed]

4. McMurray, R.G.; Bo Andersen, L. The influence of exercise on metabolic syndrome in youth: A review. Am. J.
Lifestyle Med. 2010, 4, 176–186. [CrossRef]

5. Boreham, C.A.; McKay, H.A. Physical activity in childhood and bone health. Br. J. Sports Med. 2011, 45,
877–879. [CrossRef] [PubMed]

6. Biddle, S.J.; Asare, M. Physical activity and mental health in children and adolescents: A review of reviews.
Br. J. Sports Med. 2011, 45, 886–895. [CrossRef] [PubMed]

7. Tremblay, M.S.; Warburton, D.E.; Janssen, I.; Paterson, D.H.; Latimer, A.E.; Rhodes, R.E.; Kho, M.E.; Hicks, A.;
LeBlanc, A.G.; Zehr, L. New Canadian physical activity guidelines. Appl. Physiol. Nutr. Metab. 2011, 36,
36–46. [CrossRef] [PubMed]

8. Physical Activity Guidelines Advisory Committee. Physical Activity Guidelines Advisory Committee Scientific
Report; US Department of Health and Human Services: Washington, DC, USA, 2018.

9. Institute of Medicine. Committee on Prevention of Obesity in Children Youth: Preventing Childhood Obesity: Health
in the Balance; National Academy of Sciences: Washington, DC, USA, 2005.

http://dx.doi.org/10.1186/1479-5868-7-40
http://www.ncbi.nlm.nih.gov/pubmed/20459784
http://dx.doi.org/10.1186/1479-5868-10-98
http://www.ncbi.nlm.nih.gov/pubmed/23945179
http://dx.doi.org/10.1136/bjsports-2011-090199
http://www.ncbi.nlm.nih.gov/pubmed/21836171
http://dx.doi.org/10.1177/1559827609351234
http://dx.doi.org/10.1136/bjsports-2011-090188
http://www.ncbi.nlm.nih.gov/pubmed/21807670
http://dx.doi.org/10.1136/bjsports-2011-090185
http://www.ncbi.nlm.nih.gov/pubmed/21807669
http://dx.doi.org/10.1139/H11-009
http://www.ncbi.nlm.nih.gov/pubmed/21326376


Int. J. Environ. Res. Public Health 2018, 15, 2268 15 of 17

10. Centers for Disease Control and Prevention. Comprehensive School Physical Activity Programs a Guide for
Schools; U.S. Department of Health and Human Services: Atlanta, GA, USA, 2013.

11. Rowlands, A.V.; Eston, R.G. The measurement and interpretation of children’s physical activity. J. Sports
Sci. Med. 2007, 6, 270–276. [PubMed]

12. Lubans, D.R.; Morgan, P.J.; Tudor-Locke, C. A systematic review of studies using pedometers to promote
physical activity among youth. Prev. Med. 2009, 48, 307–315. [CrossRef] [PubMed]

13. Future Marketing Insights. Wearable Fitness Trackers Market: Wrist Wear Product Type Segment Expected
to Remain Dominant over the Forecast Period: Global Industry Analysis (2012–2016) and Opportunity
Assessment (2017–2027). Available online: https://www.futuremarketinsights.com/reports/wearable-
fitness-trackers-market (accessed on 25 August 2018).

14. International Data Corporation. Wearables Aren’t Dead, They’re Just Shifting Focus as the Market Grows
16.9% in the Fourth Quarter, According to IDC. Available online: https://www.idc.com/getdoc.jsp?
containerId=prUS42342317 (accessed on 1 September 2018).

15. Lyons, E.J.; Lewis, Z.H.; Mayrsohn, B.G.; Rowland, J.L. Behavior change techniques implemented in
electronic lifestyle activity monitors: A systematic content analysis. J. Med. Internet Res. 2014, 16, e192.
[CrossRef] [PubMed]

16. Duncan, M.; Murawski, B.; Short, C.E.; Rebar, A.L.; Schoeppe, S.; Alley, S.; Vandelanotte, C.; Kirwan, M.
Activity trackers implement different behavior change techniques for activity, sleep, and sedentary behaviors.
Interact. J. Med. Res. 2017, 6, e13. [CrossRef] [PubMed]

17. Gaudet, J.; Gallant, F.; Bélanger, M. A bit of fit: Minimalist intervention in adolescents based on a physical
activity tracker. JMIR Mhealth Uhealth 2017, 5, e92. [CrossRef] [PubMed]

18. Bianchi-Hayes, J.; Schoenfeld, E.; Cataldo, R.; Hou, W.; Messina, C.; Pati, S. Combining activity trackers
with motivational interviewing and mutual support to increase physical activity in parent-adolescent dyads:
Longitudinal observational feasibility study. JMIR Pediatr. Parent. 2018, 1, e3.

19. Evenson, K.R.; Goto, M.M.; Furberg, R.D. Systematic review of the validity and reliability of consumer-
wearable activity trackers. Int. J. Behav. Nutr. Phys. Act. 2015, 12, 159. [CrossRef] [PubMed]

20. Harrison, D.; Marshall, P.; Bianchi-Berthouze, N.; Bird, J. Activity tracking: Barriers, workarounds and
customisation. In Proceedings of the 2015 ACM International Joint Conference on Pervasive and Ubiquitous
Computing, Osaka, Japan, 7–11 September 2015; pp. 617–621.

21. Yang, R.; Shin, E.; Newman, M.W.; Ackerman, M.S. When fitness trackers don’t’fit’: End-user difficulties in
the assessment of personal tracking device accuracy. In Proceedings of the 2015 ACM International Joint
Conference on Pervasive and Ubiquitous Computing, Osaka, Japan, 7–11 September 2015; pp. 623–634.

22. Sirard, J.R.; Masteller, B.; Freedson, P.S.; Mendoza, A.; Hickey, A. Youth oriented activity trackers:
Comprehensive laboratory-and field-based validation. J. Med. Internet Res. 2017, 19, e250. [CrossRef]
[PubMed]

23. Tully, M.A.; McBride, C.; Heron, L.; Hunter, R.F. The validation of Fitbit Zip™ physical activity monitor as a
measure of free-living physical activity. BMC Res. Notes 2014, 7, 952. [CrossRef] [PubMed]

24. Nelson, M.B.; Kaminsky, L.A.; Dickin, D.C.; Montoye, A.H. Validity of consumer-based physical activity
monitors for specific activity types. Med. Sci. Sports Exerc. 2016, 48, 1619–1628. [CrossRef] [PubMed]

25. Lee, J.-M. Validity of consumer-based physical activity monitors and calibration of smartphone for prediction
of physical activity energy expenditure. Med. Sci. Sports Exerc. 2014, 46, 1830–1838.

26. Kim, Y.; Lochbaum, M. Objectively measured physical activity levels among ethnic minority children
attending school-based afterschool programs in a high-poverty neighborhood. J. Sports Sci. Med. 2017, 16,
350. [PubMed]

27. Schaefer, S.E.; Camacho-Gomez, R.; Sadeghi, B.; Kaiser, L.; German, J.B.; De la Torre, A. Assessing
child obesity and physical activity in a hard-to-reach population in California’s central valley, 2012–2013.
Prev. Chronic Dis. 2015, 12, E117. [CrossRef] [PubMed]

28. Fetter, D.S.; Scherr, R.E.; Linnell, J.D.; Dharmar, M.; Schaefer, S.E.; Zidenberg-Cherr, S. Effect of the Shaping
Healthy Choices Program, a Multicomponent, School-Based Nutrition Intervention, on Physical Activity
Intensity. J. Am. Coll. Nutr. 2018, 37, 472–478. [CrossRef] [PubMed]

29. Liu, J.; Shangguan, R.; Keating, X.D.; Leitner, J.; Wu, Y. A conceptual physical education course and college
freshmen’s health-related fitness. Health Educ. 2017, 117, 53–68. [CrossRef]

http://www.ncbi.nlm.nih.gov/pubmed/24149412
http://dx.doi.org/10.1016/j.ypmed.2009.02.014
http://www.ncbi.nlm.nih.gov/pubmed/19249328
https://www.futuremarketinsights.com/reports/wearable-fitness-trackers-market
https://www.futuremarketinsights.com/reports/wearable-fitness-trackers-market
https://www.idc.com/getdoc.jsp?containerId=prUS42342317
https://www.idc.com/getdoc.jsp?containerId=prUS42342317
http://dx.doi.org/10.2196/jmir.3469
http://www.ncbi.nlm.nih.gov/pubmed/25131661
http://dx.doi.org/10.2196/ijmr.6685
http://www.ncbi.nlm.nih.gov/pubmed/28807889
http://dx.doi.org/10.2196/mhealth.7647
http://www.ncbi.nlm.nih.gov/pubmed/28684384
http://dx.doi.org/10.1186/s12966-015-0314-1
http://www.ncbi.nlm.nih.gov/pubmed/26684758
http://dx.doi.org/10.2196/jmir.6360
http://www.ncbi.nlm.nih.gov/pubmed/28724509
http://dx.doi.org/10.1186/1756-0500-7-952
http://www.ncbi.nlm.nih.gov/pubmed/25539733
http://dx.doi.org/10.1249/MSS.0000000000000933
http://www.ncbi.nlm.nih.gov/pubmed/27015387
http://www.ncbi.nlm.nih.gov/pubmed/28912652
http://dx.doi.org/10.5888/pcd12.140577
http://www.ncbi.nlm.nih.gov/pubmed/26203815
http://dx.doi.org/10.1080/07315724.2018.1436477
http://www.ncbi.nlm.nih.gov/pubmed/29533146
http://dx.doi.org/10.1108/HE-01-2016-0002


Int. J. Environ. Res. Public Health 2018, 15, 2268 16 of 17

30. Schaefer, S.E.; Gomez-Camacho, R.; Martinez, L.; Sadeghi, B.; German, J.B.; de la Torre, A. Social and
environmental determinants of child physical activity in a rural Mexican-origin community. J. Community
Health. 2016, 41, 409–416. [CrossRef] [PubMed]

31. Schaefer, S.E.; Van Loan, J.M. A feasibility study of wearable activity monitors for pre-adolescent school-age
children. Prev. Chronic Dis. 2014, 11, E85. [CrossRef] [PubMed]

32. Ridgers, N.D.; McNarry, M.A.; Mackintosh, K.A. Feasibility and effectiveness of using wearable activity
trackers in youth: A systematic review. JMIR Mhealth Uhealth 2016, 4, e129. [CrossRef] [PubMed]

33. Leinonen, A.-M.; Ahola, R.; Kulmala, J.; Hakonen, H.; Vähä-Ypyä, H.; Herzig, K.-H.; Auvinen, J.;
Keinänen-Kiukaanniemi, S.; Sievänen, H.; Tammelin, T.H. Measuring physical activity in free-living
conditions-Comparison of three accelerometry-based methods. Front. Physiol. 2017, 7, 681. [CrossRef]
[PubMed]

34. Ferguson, T.; Rowlands, A.V.; Olds, T.; Maher, C. The validity of consumer-level, activity monitors in healthy
adults worn in free-living conditions: A cross-sectional study. Int. J. Behav. Nutr. Phys. Act. 2015, 12, 42.
[CrossRef] [PubMed]

35. Menickelli, J.; Grube, D.P.; Lowell, S. Convergent validity of a consumer-grade accelerometer with a
research-grade pedometer in a physical education setting. Int. J. Phys. Educ. Fitn Sports 2018, 7, 20–24.
[CrossRef]

36. McClain, J.J.; Hart, T.L.; Getz, R.S.; Tudor-Locke, C. Convergent validity of 3 low cost motion sensors with
the ActiGraph accelerometer. J. Phys. Act. Health 2010, 7, 662–670. [CrossRef] [PubMed]

37. Beets, M.W.; Morgan, C.F.; Banda, J.A.; Bornstein, D.; Byun, W.; Mitchell, J.; Munselle, L.; Rooney, L.;
Beighle, A.; Erwin, H. Convergent validity of pedometer and accelerometer estimates of moderate-
to-vigorous physical activity of youth. J. Phys. Act. Health 2011, 8, S295–S305. [CrossRef] [PubMed]

38. Carlson, K.D.; Herdman, A.O. Understanding the impact of convergent validity on research results.
Org. Res. Methods 2012, 15, 17–32. [CrossRef]

39. Westen, D.; Rosenthal, R. Quantifying construct validity: Two simple measures. J. Pers. Soc. Psychol. 2003, 84,
608–618. [CrossRef] [PubMed]

40. Evenson, K.R.; Catellier, D.J.; Gill, K.; Ondrak, K.S.; McMurray, R.G. Calibration of two objective measures of
physical activity for children. J. Sports Sci. 2008, 26, 1557–1565. [CrossRef] [PubMed]

41. Trost, S.G.; Loprinzi, P.D.; Moore, R.; Pfeiffer, K.A. Comparison of accelerometer cut points for predicting
activity intensity in youth. Med. Sci. Sports Exerc. 2011, 43, 1360–1368. [CrossRef] [PubMed]

42. Voss, C.; Gardner, R.F.; Dean, P.H.; Harris, K.C. Validity of commercial activity trackers in children with
congenital heart disease. Can. J. Cardiol. 2017, 33, 799–805. [CrossRef] [PubMed]

43. Hamari, L.; Kullberg, T.; Ruohonen, J.; Heinonen, O.J.; Díaz-Rodríguez, N.; Lilius, J.; Pakarinen, A.;
Myllymäki, A.; Leppänen, V.; Salanterä, S. Physical activity among children: Objective measurements
using Fitbit One® and ActiGraph. BMC Res. Notes 2017, 10, 161. [CrossRef] [PubMed]

44. Mooses, K.; Oja, M.; Reisberg, S.; Vilo, J.; Kull, M. Validating Fitbit Zip for monitoring physical activity of
children in school: A cross-sectional study. BMC Public Health 2018, 18, 858. [CrossRef] [PubMed]

45. US Department of Education. East Lubbock Promise Neighborhood: Promise Neighborhood Grant—Texas Tech
University. Available online: http://www2.ed.gov/programs/promiseneighborhoods/2012/apptexastech.pdf
(accessed on 5 March 2018).

46. Harrell, J.S.; McMurray, R.G.; Baggett, C.D.; Pennell, M.L.; Pearce, P.F.; Bangdiwala, S.I. Energy costs of
physical activities in children and adolescents. Med. Sci. Sports Exerc. 2005, 37, 329–336. [CrossRef] [PubMed]

47. Saint-Maurice, P.F.; Kim, Y.; Welk, G.J.; Gaesser, G.A. Kids are not little adults: What MET threshold captures
sedentary behavior in children? Eur. J. Appl. Physiol. 2016, 116, 29–38. [CrossRef] [PubMed]

48. Troiano, R.P.; Berrigan, D.; Dodd, K.W.; Mâsse, L.C.; Tilert, T.; McDowell, M. Physical activity in the United
States measured by accelerometer. Med. Sci. Sports Exerc. 2008, 40, 181–188. [CrossRef] [PubMed]

49. Chandler, J.; Brazendale, K.; Beets, M.; Mealing, B. Classification of physical activity intensities using a
wrist-worn accelerometer in 8–12-year-old children. Pediatr. Obes. 2016, 11, 120–127. [CrossRef] [PubMed]

50. Cain, K.L.; Conway, T.L.; Adams, M.A.; Husak, L.E.; Sallis, J.F. Comparison of older and newer generations
of ActiGraph accelerometers with the normal filter and the low frequency extension. Int. J. Behav. Nutr.
Phys. Act. 2013, 10, 51. [CrossRef] [PubMed]

http://dx.doi.org/10.1007/s10900-015-0111-4
http://www.ncbi.nlm.nih.gov/pubmed/26516017
http://dx.doi.org/10.5888/pcd11.130262
http://www.ncbi.nlm.nih.gov/pubmed/24854236
http://dx.doi.org/10.2196/mhealth.6540
http://www.ncbi.nlm.nih.gov/pubmed/27881359
http://dx.doi.org/10.3389/fphys.2016.00681
http://www.ncbi.nlm.nih.gov/pubmed/28119626
http://dx.doi.org/10.1186/s12966-015-0201-9
http://www.ncbi.nlm.nih.gov/pubmed/25890168
http://dx.doi.org/10.26524/ijpefs1823
http://dx.doi.org/10.1123/jpah.7.5.662
http://www.ncbi.nlm.nih.gov/pubmed/20864763
http://dx.doi.org/10.1123/jpah.8.s2.s295
http://www.ncbi.nlm.nih.gov/pubmed/21918244
http://dx.doi.org/10.1177/1094428110392383
http://dx.doi.org/10.1037/0022-3514.84.3.608
http://www.ncbi.nlm.nih.gov/pubmed/12635920
http://dx.doi.org/10.1080/02640410802334196
http://www.ncbi.nlm.nih.gov/pubmed/18949660
http://dx.doi.org/10.1249/MSS.0b013e318206476e
http://www.ncbi.nlm.nih.gov/pubmed/21131873
http://dx.doi.org/10.1016/j.cjca.2016.11.024
http://www.ncbi.nlm.nih.gov/pubmed/28347581
http://dx.doi.org/10.1186/s13104-017-2476-1
http://www.ncbi.nlm.nih.gov/pubmed/28427441
http://dx.doi.org/10.1186/s12889-018-5752-7
http://www.ncbi.nlm.nih.gov/pubmed/29996797
http://www2.ed.gov/programs/promiseneighborhoods/2012/apptexastech.pdf
http://dx.doi.org/10.1249/01.MSS.0000153115.33762.3F
http://www.ncbi.nlm.nih.gov/pubmed/15692331
http://dx.doi.org/10.1007/s00421-015-3238-1
http://www.ncbi.nlm.nih.gov/pubmed/26271677
http://dx.doi.org/10.1249/mss.0b013e31815a51b3
http://www.ncbi.nlm.nih.gov/pubmed/18091006
http://dx.doi.org/10.1111/ijpo.12033
http://www.ncbi.nlm.nih.gov/pubmed/25893950
http://dx.doi.org/10.1186/1479-5868-10-51
http://www.ncbi.nlm.nih.gov/pubmed/23618461


Int. J. Environ. Res. Public Health 2018, 15, 2268 17 of 17

51. Montoye, A.H.; Nelson, M.B.; Bock, J.M.; Imboden, M.T.; Kaminsky, L.A.; Mackintosh, K.A.; Mcnarry, M.A.;
Pfeiffer, K.A. Raw and Count Data Comparability of Hip-Worn ActiGraph GT3X+ and Link Accelerometers.
Med. Sci. Sports Exerc. 2018, 50, 1103–1112. [CrossRef] [PubMed]

52. Sng, E.; Addoh, O.; Loprinzi, P. Comparison of two ActiGraph accelerometers in laboratory and free-living
conditions. J. Behav. Health. 2018, 7, 7–13. [CrossRef]

53. Hamlett, A.; Ryan, L.; Serrano-Trespalacios, P.; Wolfinger, R. Mixed models for assessing correlation in the
presence of replication. J. Air Waste Manag. Assoc. 2003, 53, 442–450. [CrossRef] [PubMed]

54. Zou, G. Confidence interval estimation for the Bland–Altman limits of agreement with multiple observations
per individual. Stat. Methods Med. Res. 2013, 22, 630–642. [CrossRef] [PubMed]

55. Dixon, P.M.; Saint-Maurice, P.F.; Kim, Y.; Hibbing, P.; Bai, Y.; Welk, G.J. A primer on the use of equivalence
testing for evaluating measurement agreement. Med. Sci. Sports Exerc. 2018, 50, 837–845. [CrossRef]
[PubMed]

56. Bai, Y.; Welk, G.J.; Nam, Y.H.; Lee, J.A.; Lee, J.-M.; Kim, Y.; Meier, N.F.; Dixon, P.M. Comparison of consumer
and research monitors under semistructured settings. Med. Sci. Sports Exerc. 2016, 48, 151–158. [CrossRef]
[PubMed]

57. Iversen, G.R.; Gergen, M. Statistics: The Conceptual Approach; Springer: New York, NY, USA, 2012.
58. Gomersall, S.R.; Ng, N.; Burton, N.W.; Pavey, T.G.; Gilson, N.D.; Brown, W.J. Estimating physical activity and

sedentary behavior in a free-living context: A pragmatic comparison of consumer-based activity trackers
and ActiGraph accelerometry. J. Med. Internet Res. 2016, 18, e239. [CrossRef] [PubMed]

59. Puyau, M.R.; Adolph, A.L.; Vohra, F.A.; Butte, N.F. Validation and calibration of physical activity monitors
in children. Obesity 2002, 10, 150–157. [CrossRef] [PubMed]

60. Kim, Y.; Beets, M.W.; Welk, G.J. Everything you wanted to know about selecting the “right” Actigraph
accelerometer cut-points for youth, but . . . : A systematic review. J. Sci. Med. Sport 2012, 15, 311–321. [CrossRef]
[PubMed]

61. Rowlands, A.V.; Rennie, K.; Kozarski, R.; Stanley, R.M.; Eston, R.G.; Parfitt, G.C.; Olds, T.S. Children’s physical
activity assessed with wrist-and hip-worn accelerometers. Med. Sci. Sports Exerc. 2014, 46, 2308–2316. [CrossRef]
[PubMed]

62. Trost, S.G.; Zheng, Y.; Wong, W.-K. Machine learning for activity recognition: Hip versus wrist data.
Physiol. Meas. 2014, 35, 2183. [CrossRef] [PubMed]

63. Kamada, M.; Shiroma, E.J.; Harris, T.B.; Lee, I.-M. Comparison of physical activity assessed using hip-and
wrist-worn accelerometers. Gait Posture 2016, 44, 23–28. [CrossRef] [PubMed]

64. Scott, J.J.; Rowlands, A.V.; Cliff, D.P.; Morgan, P.J.; Plotnikoff, R.C.; Lubans, D.R. Comparability and feasibility
of wrist-and hip-worn accelerometers in free-living adolescents. J. Sci. Med. Sport 2017, 20, 1101–1106.
[CrossRef] [PubMed]

65. Wright, S.P.; Hall Brown, T.S.; Collier, S.R.; Sandberg, K. How consumer physical activity monitors could
transform human physiology research. Am. J. Physiol.-Regul. Integr. Comp. Physiol. 2017, 312, R358–R367.
[CrossRef] [PubMed]

© 2018 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.1249/MSS.0000000000001534
http://www.ncbi.nlm.nih.gov/pubmed/29283934
http://dx.doi.org/10.5455/jbh.20170924045448
http://dx.doi.org/10.1080/10473289.2003.10466174
http://www.ncbi.nlm.nih.gov/pubmed/12708508
http://dx.doi.org/10.1177/0962280211402548
http://www.ncbi.nlm.nih.gov/pubmed/21705434
http://dx.doi.org/10.1249/MSS.0000000000001481
http://www.ncbi.nlm.nih.gov/pubmed/29135817
http://dx.doi.org/10.1249/MSS.0000000000000727
http://www.ncbi.nlm.nih.gov/pubmed/26154336
http://dx.doi.org/10.2196/jmir.5531
http://www.ncbi.nlm.nih.gov/pubmed/27604226
http://dx.doi.org/10.1038/oby.2002.24
http://www.ncbi.nlm.nih.gov/pubmed/11886937
http://dx.doi.org/10.1016/j.jsams.2011.12.001
http://www.ncbi.nlm.nih.gov/pubmed/22306372
http://dx.doi.org/10.1249/MSS.0000000000000365
http://www.ncbi.nlm.nih.gov/pubmed/24781890
http://dx.doi.org/10.1088/0967-3334/35/11/2183
http://www.ncbi.nlm.nih.gov/pubmed/25340887
http://dx.doi.org/10.1016/j.gaitpost.2015.11.005
http://www.ncbi.nlm.nih.gov/pubmed/27004628
http://dx.doi.org/10.1016/j.jsams.2017.04.017
http://www.ncbi.nlm.nih.gov/pubmed/28501418
http://dx.doi.org/10.1152/ajpregu.00349.2016
http://www.ncbi.nlm.nih.gov/pubmed/28052867
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	lochbaum_2018_thinktech cover page
	ijerph-15-02268-v2.pdf
	Introduction 
	Materials and Methods 
	Study Setting and Participants 
	Procedures 
	Polar Active Watch 
	ActiGraph GT3X+ and GT9X Accelerometers 
	Statistical Analysis 

	Results 
	Discussion 
	Conclusions 
	References


